Although researchers have documented multiple antecedent and outcome correlates of the self-awareness construct, relatively little work has focused on placing the construct within a nomological network. Using item response theory (IRT) analyses of differential item functioning (DIF), the authors compared the relationships between observed and latent performance domains on a 3608 assessment for high-and low-self-aware individuals. The reliability of discrepancy-defined self-awareness was assessed and deemed adequate, and indices of graded response model fit to 3608 data were recorded. As an initial step toward defining this discrepancy-defined construct within a larger nomological network, extant constructs of personal warmth, self-promoting, and self-monitoring were identified as potential contributors to self-awareness using the DIF investigative framework.
of systematic sources of error across MSA and non-MSA groups. Specifically, sources of systematic differentiation between high-and low-discrepant (self-aware) groups are investigated through the application of DIF analyses to an archival 3608 data set. In the explication of the current study's purpose and implications, the investigated form of self-awareness is first presented, the general DIF bias detection model is next presented, and finally, the contribution of this procedure to organizational researchers and practitioners is discussed.
Self-Other Discrepancy as an Individual-Difference Variable
The labeling of self-other discrepancies as self-awareness and the specific investigation of self-awareness correlates has only recently become a focal topic of interest in the study of multisource feedback (cf. Atwater et al., 1998; Church, 1997; Fletcher & Baldry, 2000) . One of the initial investigations of self-other discrepancies (labeled as self-awareness) was conducted by Atwater and Yammarino (1992) . Grouping individuals into overestimator, underestimator, and in-agreement categories on the basis of discrepancy scores, these researchers found differential predictor-outcome validities for naval academy students and officers across discrepancy categories. Specifically, the correlations between selection tools designed to predict leader behavior as well as the correlations between leader behavior and naval officer performance were moderated by discrepancy. Effectively, Atwater and Yammarino (1992) found that different variables are more predictive of performance depending on one's level of self-other rating congruence. The researchers concluded that selfawareness can be conceptualized as an individual-difference variable and that this variable may serve as a moderator of predictor-criterion validities. Fletcher and Baldry (2000) examined personality correlates of self-other discrepancy, operationalizing self-awareness as the degree of absolute congruence between self-and other-ratings along a 7-point ordinal scale. Specifically, significant differences between selfand aggregated others'-ratings across all rated dimensions were coded 0, the absences of differences across any rated dimension were coded 6, and difference scores existing between these two extremes were accordingly ranked. Through their investigation, individuals with low self-other discrepancies were found to be more shrewd and experimenting, more likely to attempt to influence others, and also more likely to fall into the particular team role of monitor-evaluator than were more discrepant individuals. Given the large variation in levels of self-other discrepancy found in this study, the investigators concluded that self-awareness ''might be considered as an individual difference variable in its own right'' (Fletcher & Baldry, 2000, p. 314) .
A different perspective on self-other discrepancies has been advanced by Kruger and Dunning (1999) . Although not using the label self-awareness, these researchers posit that incompetence leads to inflated (i.e., incongruent) self-assessment. Incongruent self-other estimation here is attributable to incompetence-driven deficiencies in metacognitive skill (metacognitive skill is defined as the ''capacity to distinguish accuracy from error''; Kruger & Dunning, 1999 , p. 1121 . From this perspective, self-other discrepancy is certainly considered an individual-difference variable, resulting from different capacities for metacognition.
Generally speaking, the meaning of self-awareness has not been as closely investigated as has the relationship between discrepancy and outcome(s) of interest (usually managerial ''effectiveness''; cf. Atwater et al., 1998; Atwater, Waldman, Ostroff, Robie, & Johnson, 2005; Atwater & Yammarino, 1992; Bass & Yammarino, 1991) . Atwater and Yammarino (1997) have proposed a model of agreement whereby individual and contextual factors affect the extent of discrepancy, but a firm nomological network within which the construct of self-awareness resides has not yet been established. Fletcher and Baldry (2000) , as noted above, examined personality correlates, essentially finding mixed results for a relationship with introversion. The construct has further been shown to be correlated with selfmonitoring (cf. Church, 1997) . By and large, however, it is not yet clear what the construct is or means. The majority of investigations acknowledge that a discrepancy exists between self-and other-ratings, but a formal definition of the meaning of the construct is lacking.
It should be noted that different investigators have applied different mathematical algorithms in their discrepancy operationalizations. Church (1997) used three different operationalizations, including a simple absolute discrepancy dichotomy. Atwater and Yammarino (1992) employed the aforementioned tripartite distinction, looking at overestimators, underestimators, and estimators in agreement with composite other-ratings. This categorization scheme was extended to a four-group model in 1997, looking at (a) overestimators, (b) underestimators, (c) in-agreement (good) estimators, and (d) in-agreement (poor) estimators (Atwater & Yammarino, 1997) . In addition, Fleenor, McCauley, and Brutus (1996) have proposed a six-category model, slightly different from Atwater and Yammarino (1997) , by including overestimator (good) and underestimator (poor) categories.
We operationalize self-awareness primarily through applying an absolute agreement dichotomy, not focusing on gradients of discrepancy (cf. Atwater & Yammarino, 1997; Fleenor et al., 1996) but rather focusing on the presence or absence of agreement (similar to Church, 1997, and Fletcher & Baldry's [2000] absolute discrepancy categorizations).
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The issue of whether or not self-awareness should be defined along a scaled continuum of agreement is not of central interest in the current investigation. We are primarily concerned with uncovering content-related sources of differentiation between those considered self-aware and those who lack relative self-awareness as an initial step toward the creation of a nomological network within which this construct can be defined.
As a concluding remark on 3608 discrepancy research in general, Atwater et al. (1998) identified two areas that have been neglected by researchers in this area: (a) an identification of the meaning of self-other agreement and (b) a fit of categorization scheme (operationalization) with purpose and/or meaning of self-awareness. The researchers specifically state that researchers in the area of self-other agreement have not provided explicit definitions of the conceptual form of the relationship between self-ratings, other ratings, and outcomes, nor have they provided strong rationales for choosing one analytic strategy or measure of self-other agreement over another. (p. 580) The current investigation directly addresses both stated areas of research.
Discrepancy and Reliability
In general, the use of difference scores in organizational behavior research has been widely studied and critiqued (cf. Edwards, 2001; Gardner & Neufeld, 1988; Johns, 1981; Zimmerman, 1995) . Historically, it has been repeatedly demonstrated that difference scores yield lower reliability estimates than do their respective component scores (Lord, 1956) . More recent research has identified conditions under which discrepancy scores are most susceptible to deficiencies in reliability. For instance, Rogosa and Willett (1983) have isolated conditions that yield highly reliable difference scores. Specifically, these researchers note that if discrepancy scores represent individual differences (such as individual differences in learning in a pretest-posttest situation), and if the change from pretest to posttest is appreciable (of a high magnitude), then the discrepancy scores are highly reliable. Regardless of the magnitude of self-other discrepancy reliability, the relative lack of acknowledgement of this general intraindividual psychometric perspective in the interindividual self-awareness literature is unwarranted. A secondary purpose of the current research, therefore, is to document the reliability of this particular difference-score-dependent construct that is frequently used in 3608 research.
Systematic sources of variability in self-awareness (operationalized as self-other discrepancy/congruence) from a 3608 measurement perspective have been attributed to target and rater friendship (McEvoy, 1990; McEvoy & Buller, 1987) , the degree of direct contact between the raters and the target (Pollack & Pollack, 1996) , and chronic tendencies to be more or less self-aware (Church, 1997; Fletcher & Baldry, 2000) . These sources of self-other discrepancy variability might traditionally be interpreted as types of systematic measurement error, contributing perhaps to attenuated intraclass (interrater) correlations, and are undoubtedly accompanied by random sources of error that potentially contribute to measured self-other discrepancies. Such sources of random error might include environmental conditions during rating administration, rater fatigue, or even individual differences in rater reading ability.
Error in psychological measurement has most commonly been addressed through taking precautions aimed at decreasing the effects of identified sources of error. These precautions can consist of standardizing administration procedures, training raters, or performing targeted covariate analyses. It is interesting to note, coming from this psychometric perspective, that a literature base has arisen (e.g., Atwater & Yammarino, 1992; Atwater et al., 2005; Bass & Yammarino, 1991; Fleenor et al., 1996; Fletcher & Baldry, 2000) from the investigation of a condition that may be entirely attributable to imperfect measurement.
Extending from this psychometric perspective, Greguras and Robie (1998) have documented poor interrater reliabilities within rating source categories. Given this finding, one has to ask how reliable self-other discrepancy estimates should be expected to be.
2 Correlational findings that are typically employed in this line of research (cf. Atwater & Yammarino, 1992; Fletcher & Baldry, 2000) may therefore not be meaningful in and of themselves. If true group differences do exist, they may be reflected in distinct response patterns to certain items (holding ability level constant). DIF methodologies may allow for this type of investigation in the absence of external variable validation.
Differential Item Functioning
DIF has been a useful analytic tool for the identification of item bias. The method is particularly useful in situations where it is unknown whether group differences are reflective of real, underlying ability differences between groups or rather item bias, where groups are interpreting or responding to items and/or instruments in a differential manner. Focusing on cross-cultural research, Ryan, Horvath, Ployhart, Schmitt, and Slade (2000) noted that investigators have not attempted to predict which items are likely to exhibit DIF. These researchers used a cultural dimension framework to hypothesize likely presence and absence of DIF across cultures on an organizational attitudinal survey. They state (citing past DIF investigations) that ''DIF analyses are conducted without a priori conceptions as to why we might expect certain items to have DIF' ' (p. 533) . This general perspective on the use of DIF methodologies has been previously noted. Ellis, Becker, and Kimmel (1993) have commented that DIF should not be used to merely identify and eliminate problematic items but should rather be implemented to understand group differences in responses to items. The current investigation extends this ''useful DIF'' perspective to the investigation of self-other discrepancies through identifying DIF items and interpreting item communalities to uncover potential source(s) of bias and/or systematic error variance between discrepant and consistent self-other rater groups.
Item Response Theory
IRT models for the construction, evaluation, and use of assessments such as 3608 surveys arose to compensate for deficiencies of assessments based on classical measurement models and procedures (Hambleton, Swaminathan, & Rogers, 1991) . IRT models allow for (a) the calculation of a standard set of descriptive (e.g., difficulty/extremity and discrimination) indices, regardless of the underlying ability constraints of the group(s) used to estimate the indices, and (b) the independent estimation of an individual's ability level (independent with respect to the particular items used to assess the ability). This independence of items and respondents constitutes the IRT property of invariance, and it is largely this property of invariance that makes IRT approaches to DIF analyses appealing over classical test theory approaches (i.e., Mantel-Haenzel chi-square).
IRT models obtain a probability of a particular item response through relating item characteristics such as discrimination and difficulty and/or extremity with individual characteristics that are conceptualized as latent traits. Because underlying ability and/or latent trait distributions of examinee groups are frequently unknown prior to test administration, IRT estimation procedures typically employ a two-step process. The first step involves estimating item parameters. The second step involves summing item response functions (the probabilistic functions associated with a particular item response) across a particular examinee's response pattern to obtain a maximum likelihood or other probabilistic estimate of the examinee's ability.
Traditionally, IRT investigations employ a one-, two-, or three-parameter model. The one-parameter IRT model concerns item difficulty or extremity (b). The two-parameter IRT model involves the estimation of item discrimination (a) as well as item difficulty and/or extremity (b). The third IRT parameter is a pseudo chance (c) index; this index is conceptually analogous to the classical measurement concept of baseline probability estimation. Regardless of the number of parameters estimated, the relationship between the probability of an item response and respondent ability level (y) is represented by an item or option response function (IRF/ORF). Such a function represents the nonlinear regression of the probability of a particular response on the underlying latent trait of interest (Hulin, Drasgow, & Parsons, 1983 ). Samejima's (1969) graded response model (GRM). The estimation of item and ability parameters (necessary for DIF analyses) for instruments with ordered response categories is facilitated through the use of Samejima's (1969) GRM. Through this two-parameter model, k − 1 b-parameters are estimated, where k is the number of response option categories. For example, four b-parameters would be estimated for an item with polytomous response option categories such as (1) strongly disagree, (2) disagree, (3) neither agree nor disagree, (4) agree, and (5) strongly agree. Although multiple b-parameters are estimated, the model assumes equal discrimination parameters (as) across extremity (b) levels. Procedurally, this means that the estimated a-parameters for each response option within any particular item are equal, although these parameters are estimated and may, of course, vary across items.
Item boundary response functions (BRFs) are calculated through the development of cumulative item response dichotomies (as many dichotomies as k − 1 response option categories). The BRF can be plotted visually just like the dichotomous IRF (also known as item characteristic curve [ICC]), with the exceptions being that (a) the y-axis now refers to the probability that a respondent will endorse an option above a particular category, instead of representing the probability of a positive or negative response, and (b) multiple plots (k − 1) are represented per item graph. The x-axis, as in dichotomous applications, defines the ability or latent trait, y.
Although the BRFs provide meaningful information relating item and ability parameters, they are not easily interpretable in and of themselves. To represent polytomous data in a manner more analogous to the dichotomous IRF, the BRFs can be scaled against the same y-axis as an IRF. In this case, the ''probability of endorsing a positive response'' can perhaps be more generally interpreted as the ''probability of endorsing a category response,'' and the response function is referred to generally as an ORF. Different ORF patterns across groups constitute DIF from this IRT perspective.
Summary and Research Questions
The current research aims to document the reliability of self-other discrepancy in multisource feedback and to apply IRT analyses of DIF to explore potential sources of differentiation between low-and high-self-other-discrepant individuals. Previous DIF investigations of 3608 instruments have looked at measurement equivalence across IRT models (Barr & Raju, 2003) , mode of administration (paper vs. pencil; Penny, 2003) , and rater group (Penny, 2001 (Penny, , 2003 . Craig and Kaiser (2003) provided evidence of robustness of the procedure through investigating the IRT assumption of independent observationsthe current article extends this documentation of boundary establishment through recording indices of data-model fit (using a validation/calibration sample methodology).
Self-awareness in the current investigation is not expected to be defined as a lacking of meta cognitive ability (à la Kruger & Dunning, 1999) , as inflated self-ratings in a performance appraisal setting are thought to be more a result of interpersonal, contextual, and motivational factors than a lack of capability for rating accurately (cf. Murphy & Cleveland, 1995) . If measurement equivalence is not demonstrated across the two groups (i.e., DIF present), then commonalities of specific items that function differently for lowversus high-discrepant individuals (e.g., biased items) will be interpreted. Examining content-related commonalities across differentially functioning items could help reveal differentiating sources of bias and/or error (and help provide conceptual boundaries to the self-awareness construct) between high-and low-self-other-discrepant groups.
Method Participants
Sixty thousand six hundred five individuals provided 3608 ratings. Ratings were made by self, boss (i.e., direct supervisor), superior, peer, direct report, and other rater groups in the period from January 2000 to March 2001. As the primary focus of this investigation entails using a DIF procedure to uncover sources of error between self-awareness categories (as opposed to an investigation of self-awareness differences within separate rater categories), all of the non-self-rater categories were collapsed into an ''other than self'' group. Five thousand seven hundred fifty-four individuals constituted the self-rating category (these 5,754 individuals represent the primary focus of the current investigation).
Materials
The 3608 instrument was the Center for Creative Leadership (CCL) BENCHMARKS 
Procedure
The methodology applied to these 3608 data progressed through the following steps: (a) identification of dimensionality of the 3608 data set, (b) assessment of the reliability of self-other discrepancy, (c) identification of high-and low-discrepant self-raters, (d) preparation of data for IRT calibration and validation analyses, (e) application of the GRM to generate item and ability parameters (using self-raters only), (f) assessment of the fit adequacy of the GRM to the current data set, (g) analysis of DIF, and (h) interpretation of content commonalities across differentially functioning items.
Results

Instrument Dimensionality
In consideration of the GRM assumption of latent construct unidimensionality, principalaxis factoring (PAF) was conducted across all valid respondents (N = 59,356; 2% of the original sample was excluded from PAF because of an extreme number [31 or more] of missing responses). Based on the scree plot of eigenvalues, a two-factor (cumulative variance accounted for = 42.9%) solution was considered for factor retention. Oblique rotation (direct oblimin) of the two-factor solution was implemented for preliminary scale identification. This solution resulted in no cross-identified items but did result in the exclusion of 13 items (Item Numbers 2, 16, 19, 26, 36, 56, 66, 68, 91, 97, 99, 108 , and 109) from the two-factor solution using a .4 pattern loading magnitude criterion. Examination of retained item content reflected the noted leadership dimensions of Consideration/ Relationship-Oriented Behavior (60 items, Factor 1) and Initiating Structure/Task-Oriented Behavior (42 items, Factor 2; cf. Weissenberg & Kavanagh, 1972) . All subsequent analyses were conducted separately for each of these two scales.
Self-Other Discrepancy Reliability Estimation
The reliability of the self-other discrepancy construct was estimated via the formula presented in Johns (1981) : Because this formula requires the computation of a correlation between component scores, the data were first aggregated to the appropriate scale level through the computation of a mean scale score, and then other ratings were matched to self-ratings through linkage with the rated individual. Measures of internal consistency were used for reliability estimates. Internal consistency estimates were computed separately for the other-and self-rater groups. Table 1 presents component score variances, reliability estimates, and correlations. Corresponding estimated reliability coefficients for the self-other difference scores were .95 for the Consideration scale and .94 for the Intitiating Structure scale.
Self-Other Discrepancy Categorization
To identify high-and low-self-other-discrepant individuals (referred to as discrepant and consistent, respectively), an absolute difference score was computed for self-and aggregated other-ratings. Intraclass correlations (see Table 2 ) suggested that this categoryinclusive level of self-other contrast was acceptable. The frequency distributions of these difference scores (retaining only those individuals with valid responses to each scale item) were next split into tertiles. This method resulted in absolute differences ranging from 0 to 0.19 (lower-tertile) and 0.42 to 2.45 (upper-tertile) scale points for the Initiating Structure scale (m difference = .35, s = .27) and 0 to .18 (lower tertile) and 0.40 to 2.41 (upper tertile) for the Consideration scale (m difference = .34, s = .27). Both discrepancy distributions exhibited moderate positive skew, with most individuals rating themselves similarly to others' aggregated ratings.
IRT Parameter Estimation
To assess not only DIF but also the fit of the GRM model to the current data set, the four samples (i.e., Consistent Initiating Structure [n = 1,703], Discrepant Initiating Structure [n = 1,710], Consistent Consideration [n = 1,730], and Discrepant Consideration [n = 1,737]) were further split into calibration and validation samples. These splits were conducted through rank ordering cases based on the date of completion of the BENCHMARKS 1 instrument and then assigning every other case to the calibration or validation data set.
To ensure convergence of the item and ability parameter estimation procedure, it was also necessary in the current data set to collapse the three lowest response option categories due to insufficient response frequencies. Specifically, the response options strongly disagree, disagree, and neutral were all coded identically. The noted infrequency of response category endorsement can result in inaccurate parameter estimation (specifically, high standard errors of estimates) and may be dealt with by combining low-frequency categories-low-frequency categories being defined as categories with fewer than 100 to 200 respondents. The necessity of this modification should not be considered entirely surprising, given the nature of selfserving response biases with self-ratings of managerial effectiveness (i.e., infrequent low ratings). The effective result is that the distribution of self-ratings was constrained to a range of not positive to strongly positive instead of strongly negative to strongly positive for IRT analyses (the full five-category graphic rating scale was retained for the identification of selfawareness categories and factor analysis). Item and ability parameter estimates were generated through a marginal maximum likelihood (MML) procedure. This estimation process was conducted separately for each of the four calibration samples (i.e., Discrepant Consideration, Consistent Consideration, Discrepant Initiating Structure, and Consistent Initiating Structure).
Model Fit
Assessment of the fit of the GRM model to the current data set was facilitated through use of the MODFIT program (Stark, 2001) . Specifically, through comparison of the empirically derived item parameter estimates with the validation samples, fit plots were constructed and chi-square statistics were computed. The use of these dual criteria in the determination of GRM model fit follows the recommendations of Drasgow, Levine, Tsien, Williams, and Mead (1995) . The empirical fit plots were constructed using an extension of Samejima's (1983) simple sum method-the process is described fully in Drasgow et al. Based on inspection of fit plots, the GRM provided a good fit to the BENCHMARKS 1 data (the preponderance of validation sample error bars contained estimated ORF plots). In contrast with the fit plots (see Figure 1 for example fit plots, Item 15), the adjusted chi-square to degrees of freedom ratios indicate moderately adequate model fit. Specifically, unadjusted ratios indicate good fit, but adjusting to the suggested sample size of 3,000 indicates only adequate model fit. These chi-square ratios tend to be of a higher magnitude than previous studies investigating DIF in, for instance, personality scale applications (cf. Robie, Zickar, & Schmit, 2001; Zickar & Robie, 1999) . There are currently no available (published) comparisons for GRM chi-square ratios in a 3608 context. Tables 3 and 4 present chi-square values for both scales. DIF DIF analyses were conducted by first standardizing item and ability parameter estimates to allow for meaningful comparison across self-other consistent and self-other discrepant groups. The EQUATE 2.1 program (Baker, 1995) was used for this purpose. Linking coefficients were estimated iteratively, as per the recommendation of Candell and Drasgow (1988) . The initial additive and multiplicative coefficients (calculated from the original 42 and 60 items) were used to equate metrics and allow for a determination of DIF through the DFITPS6 program (Raju, 2001) . DIF items were then removed, and new linking coefficients were computed without the potential biasing effect of the DIF items. No DIF items were identified in the Initiating Structure scale.
The Raju, Van der Linden, and Fleer (1995) differential functioning of items and tests (DFIT) framework allows for an examination of differential test functioning (DTF) as well as compensatory (CDIF) and noncompensatory (NCDIF) item functioning. The NCDIF and CDIF indices compare similarly or favorably (in terms of detection rates and false positives) to other DIF detection methods such as Lord's (1956) chi-square and signed and unsigned area measure tests (Raju et al., 1995) . Regarding the choice of CDIF or NCDIF, it has been suggested that the NCDIF index is the most valuable criterion when the question being addressed is ''why certain types of items are more biased than others'' (Raju et al., 1995, p. 356) . Only Consideration scale Items 9 (has a pleasant disposition) and 32 (has a warm Because absolute consistent versus discrepant rating comparisons may hide important differences between over-and underraters, supplementary analyses were performed grouping self-raters into under-, over-, or consistent categories. Positive discrepancy scores reflect higher self-ratings (relative to aggregate other ratings). The median split for the Initiating Structure scale was slightly centered toward elevated self-ratings (50th percentile discrepancy score was + .02). The location of the Consideration scale was similarly located (median value = .04). Both scale distributions were effectively normal (skew init = .21, skew con = .23). Tertile splits were conducted on both scales, creating under-, over-, and consistent groups. Initiating Structure-consistent raters ranged from discrepancies of −.19 to .18. Consideration scale-consistent raters ranged from discrepancies of −.14 to .22. Looking at Initiating Structure items, once again there were no DIF items between underand consistent raters or between over-and consistent raters. For the 60 Consideration scale items, Items 32 (has a warm personality that puts people at ease) and 45 (has personal warmth) exhibited DIF between underrater and consistent-rater groups. The overrater and consistent-rater comparisons yielded DIF items of 3 (gets things done without creating unnecessary adversarial relationships) and 32 (has a warm personality that puts people at ease). Table 5 presents the four largest magnitude DIF indices for all three discrepancy operationalizations.
Discussion
Delivering feedback from a 3608 appraisal involves the dissemination of personal strengths and developmental needs (mean rating differences across items and/or scales) but also commonly involves interpretation of self-other differences. Where there are large discrepancies, the person delivering the feedback will oftentimes ask the target individual, ''why were your perceptions different from the perceptions of others?'' Recently, investigators have applied a label to this discrepancy: self-awareness. As an important function of 3608 feedback is the interpretation of self-other differences, the current study was conducted in an attempt to (a) document self-other discrepancy reliability, (b) assess the adequacy of the fit of the GRM model to 3608 instrument data, and (c) explore possible sources of differentiation between discrepant and consistent groups that may help provide context for the meaning of discrepancy-defined self-awareness. The reliability of the discrepancy construct was found to be adequate. The fit of the Samejima (1969) GRM was deemed fair, and potential sources of differentiation between discrepant and consistent ratings were extracted via identification of only a few differentially functioning items.
DIF
The DIF application used here deviates from the preponderance of research extracting potential sources of DIF from an interpretation of item content or DIF pattern. Most work in this area deals with measurement equivalence exclusively across cultures or languages (cf. Hulin, 1987) and focuses on pattern of DIF (i.e., a-or b-parameter differences) rather than shared item content for bias interpretation. The current investigation extends this general line of cross-cultural research through applying the general methodology to a difference score leadership (rather than cultural-based source of differentiation.
Although there has been some debate regarding the proper way to interpret DIF results, the Standards for Educational and Psychological Testing (AERA et al., 1999) allude to the post hoc utility of DIF methodology for interpretation of item bias: ''However, differential-item functioning is not always a flaw or weakness. Subsets of items that have a specific characteristic in common (e.g., specific content, task representation) may function differently for different groups of similarly scoring examinees'' (p. 13). Implicit in this message is the interpretation of bias as systematic error variance-to paraphrase, ''Item commonalities can capture similar sources of systematic error variance.'' If sources of common shared error variance can be identified, differentiating factors should be able to be extruded from shared item content. The following discussion extends this logic through addressing DIF results from two perspectives: (a) IRT parameter differences (the traditional DIF interpretation) and (b) shared item content.
With the Samejima (1969) model, DIF can be the result of (a) a-parameter differences between groups, (b) b-parameter differences between groups, or (c) a combination of a-and b-parameter differences between groups. The pattern of DIF uncovered for the BENCHMARKS 1 items most prominently exhibits a-parameter differentiation. The DIF items are more strongly related to the consideration construct for the self-aware individuals than they are for the less self-aware individuals. The implication of this finding is that there is some source of error contributing to item response for the less self-aware group (above and beyond its contribution to the self-aware group). 
Organizational Research Methods
As stated above, the Standards for Educational and Psychological Testing (AERA et al., 1999) allude to the application of DIF approaches for the identification of item bias, but they also (later) bemoan progress in interpretation of the meaning of DIF:
There has been little progress in identifying the causes or substantive themes that characterize items exhibiting DIF. That is, once items on a test have been statistically identified as functioning differently from one examinee group to another, it has been difficult to specify the reasons for the differential performance or to identify a common deficiency among the identified items. (p. 78) Recently, it has been proposed that one of the historical difficulties in attribution of DIF meaning/content to particular sources has been because of the post hoc interpretation methodology commonly applied in DIF investigations (cf. Ryan et al., 2000) . Post hoc analyses can be troublesome because of limitations on generalizability, but it is argued here that the fundamental problematic component of this approach lies in the common assumption that the source of bias is unidimensional. Although single sources of bias may be fairly easily identified through item commonality, multidimensional sources of systematic error would undoubtedly be difficult to identify.
Because there were only four items identified as functioning differentially across the different operationalizations of discrepant and consistent groups here, it is difficult to say whether the chosen potential unidimensional sources of differentiation are accurate or whether a more complex source of differentiation would be more appropriate. Prior to investigation, the Murphy and Cleveland (1995) general framework of rater error was contrasted with the Kruger and Dunning (1999) metacognitive perspective. Murphy and Cleveland stressed the importance of interpreting performance appraisals as social and communicative processes in addition to simple measurement tools. The extracted interpersonally based content domains of differentiation between self-aware and less self-aware individuals are consistent with this broad performance appraisal-based perspective. Specifically, constructs of personal warmth, self-promoting, and/or self-monitoring were identified as being most likely to be contributing to the item bias. The content similarity of the DIF and ''almost DIF'' items are consistent with this interpretation. Differences in personal warmth, self-promotion, and/or self-monitoring may help define MSA and help to place this construct within a broader nomological network. That is, content of the selfawareness construct should be interpreted as consisting of individual-difference variants of an interpersonal (agreeableness-related) nature.
Reliability
Although the current reliability estimates were high, the magnitudes of these estimates may have been different if component score test-retest or parallel form reliability coefficients were available. Coefficient alpha estimates become inflated with large numbers of items within a particular scale (Cortina, 1993) . Because new scales were formed specifically for the purposes of this study and an archival data set was used, internal consistency was deemed the only practically obtainable index of reliability. Future investigations, however, should investigate other commonly reported reliability indices to calculate the estimated reliability of self-other discrepancies.
We should also reiterate a cautionary reminder that unreliability is only one potential problem with using a difference score as a measure of a substantive construct. Investigators who continue to pursue research in this general area should not only document its reliability but also continue to provide indices of both internal (distinguishing the construct from its component parts) and external (i.e., multitrait, multimethod matrix construction) forms of construct validity (Johns, 1981) . The implications of the current reliability findings should be encouraging to researchers interested in interindividual differences in performance appraisal or leadership development contexts.
Model Fit
Prior to this current investigation, the fit of the GRM model specifically to 3608 data had not been well documented. Although many researchers have applied the GRM to 3608 data (cf. Craig & Kaiser, 2003; Laffitte, 1998; Maurer, Raju, & Collins, 1998) , very few investigations have disseminated indices of model-data fit. Hambleton et al. (1991) lamented the lack of information on model fit throughout the IRT literature in general. This information gap limits inter-researcher knowledge regarding how best to use IRT for various applications. We suggest that to remedy this knowledge gap, researchers advocate and journals acquiesce to the inclusion of at least summary model-data fit information (through a calibration or validation sample methodology) such as the chi-square and adjusted chi-square indices. To take this further, perhaps a focused journal issue that would provide the documentation of model-fit data for particular IRT models and commonly used data sets is warranted. It is prudent when discussing model-data fit to acknowledge potential violations of model assumptions, so it should be noted that the current investigation did not violate either of the two major GRM assumptions of (a) latent construct unidimensionality and (b) local independence of observations.
Broader Implications, Limitations, and Recommendations for Further Investigation
Regardless of the content of the differentiation, the fact that differentiation exists is of interest in the self-other accuracy of perception literature (cf. Blackman & Funder, 1998; Kenny, 1988 Kenny, , 1994 Spain, Eaton, & Funder, 2000) . Consideration should therefore be made here regarding the nature of self-other differences in general. Because self versus others' accuracy in perception has been shown to be moderated by what target characteristic is being perceived (e.g., which personality construct is being assessed; Spain et al., 2000) , it is possible that self-or other-ratings may be considered to be the ''accurate'' standard differently, depending on whether relationship-oriented (Consideration scale) or task-oriented (Initiating Structure scale) qualities are being assessed. The aggregation of multiple rater sources into one large ''other'' group (rather than investigating specific selfpeer, self-supervisor, etc., comparisons) represents another limitation in this area of differences in perceptions and/or observations. Potentially, then, some sources of information regarding self-other discrepancy were overlooked in this investigation and should certainly be considered in further studies.
Furthermore, the BENCHMARKS 1 instrument used here contained a wide range of item content, but other 3608 instruments with different items may offer opportunities to uncover further sources of self-other discrepancy differentiation. The necessity to collapse response option categories as well as implement the tertile split procedure in the current investigation potentially limits generalization to other, more traditional response option scales (i.e., ranging from 1 to 5 or from 1 to 7). Last, the methodology used to interpret source(s) of bias assumes that the source is unidimensional (one likely source of differentiation is sought). This source (these sources) may, of course, truly be multidimensional or complex forms of bias. This potential limitation was addressed in the discussion through identifying three potential sources of bias and/or shared item commonality. Future contributions in this area of research should attempt to directly correlate measures of dispositional variables such as personal warmth and self-promotion with self-other discrepancies. Through applying hierarchical regression procedures, for instance, the proportion of incremental variance of constructs such as personal warmth, self-promotion, self-monitoring, and so on in predicting discrepancies can be explored.
In conclusion, the primary purpose of this investigation was to identify whether it is appropriate for research in the area of self-other discrepancies to continue along recent correlational lines of investigation, and if so, whether the self-awareness construct could be further defined. We recommend that research do continue along the recent lines of investigation but that (a) the reliability of this construct be consistently reported, and (b) researchers continue to develop, expand, and identify the content of the construct. The novel application of DIF methodology here suggests that one source of differentiation between discrepant and consistent groups is self-warmth, self-promotion, or self-monitoring related. These results should be taken along with the results of previous correlational research to help refine and further isolate the true construct identity of self-other discrepancies in 3608 applications. Notes 1. Although the focus of this investigation implemented an absolute congruent-incongruent classification, supplementary analyses were also performed (and reported) using underrater, overrater, and consistent-rater categories.
2. It is important to note in this consideration of psychometric properties, as they may apply to the current investigation, that the calculation of self-other congruence here represents a different purpose than does the identification of psychometric reliability or accuracy from the perspective of observed-true score congruence. The other ratings from a 3608 perspective are not intended to represent a best guess estimate of a psychometric true score. Rather, these other ratings are reflective of an average perspective, and deviations from this average are generally thought to indicate discrepancies in perception, not deficiencies in measurement.
3. All Benchmarks 1 items are copyrighted by the Center for Creative Leadership. No unauthorized use of these items is permitted.
